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The ToxCast™ Pathway Database

Identifying Toxicity Signatures and Potential Modes of Action from Chemical Screening Data
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1. to assess application of HTS methods for use in the accurate characterization of toxicity profiles of the ToxCast Phase | chemicals 1000 o
2. to provide a comprehensive resource of publicly available pathway information, with specific focus on chemicals of interest to the EPA 800 ononbectng
3. to derive pathway (biological, metabolic, and cellular) information that links each HTS assay and target chemical to its corresponding set 600 Steroid yaroisis [Table 5 KEGG — “‘“umm
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4. use network analyses to visualize potentially complex pathway relationships, and delineate the types of pathways perturbed by the ToxCast 200 KEGG Cancer Actvty e
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